

https://blog.twitter.com/official/en_us/a/2013/the-geography-of-tweets.html
https://frama.link/odur-2018-s4

This m - Open Data for Urban Research

North American cities are innovating on
community-level development indicators

Civic Tech For Urban Collaborative
Governance

Hollie Russon Gilman, Columbia University, School of International and Public Affairs

Home Office used charity data map to
deport rough sleepers

Emails show that deal with Greater London Authority helped it target homeless
EU nationals for removal

How open data can help the Global
South, from disaster relief to

voter turnout


https://www.theguardian.com/uk-news/2017/aug/19/home-office-secret-emails-data-homeless-eu-nationals
https://www.cambridge.org/core/journals/ps-political-science-and-politics/article/civic-tech-for-urban-collaborative-governance/1F7674C45BE604772E452D8051BEAD05
http://citiscope.org/story/2017/north-american-cities-are-innovating-community-level-development-indicators
https://theconversation.com/how-open-data-can-help-the-global-south-from-disaster-relief-to-voter-turnout-81159
https://theconversation.com/how-open-data-can-help-the-global-south-from-disaster-relief-to-voter-turnout-81159
https://theconversation.com/how-open-data-can-help-the-global-south-from-disaster-relief-to-voter-turnout-81159
https://theconversation.com/how-open-data-can-help-the-global-south-from-disaster-relief-to-voter-turnout-81159
https://theconversation.com/how-open-data-can-help-the-global-south-from-disaster-relief-to-voter-turnout-81159

This M - Presenting Data, Spatial Visualization
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https://twitter.com/adam_tooze/status/1060167745780834305

Replication material

github.com/datactivist/

sciencespo _odur2018/ l

Required software

E + ReSilifelfe] With ggplot2 and rleafmap
SEVERIegleli Via any modern Web browser


https://github.com/datactivist/sciencespo_odur2018/tree/master/class4
https://github.com/datactivist/sciencespo_odur2018/tree/master/class4
https://github.com/datactivist/sciencespo_odur2018/tree/master/class4
https://www.r-project.org/
https://www.rstudio.com/products/rstudio/download/
https://en.wikipedia.org/wiki/JavaScript
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NO-GO ZONES

-~
-



http://www.businessinsider.fr/us/french-comedians-are-roasting-fox-news-no-go-zones-coverage-2015-1

L Eguest talk

Who

Topic

Elsa Noyons' and Camille Léage”

See their respective bios - document
previously circulated by email

‘Sensitive cartography’

See also ‘Cartographies sensibles
de la ville’ - conferences, in French



https://docs.google.com/document/d/1ANDGUDEEWnVpr3-g2cgZBGUKwGpjAYfJPCH95buXx4E/edit?usp=sharing
http://www.arcadi.fr/contribuer/rencontres-professionnelles/cartographies-sensibles-de-la-ville/
http://www.arcadi.fr/contribuer/rencontres-professionnelles/cartographies-sensibles-de-la-ville/
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Forms

Tables
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https://www.unicef.org/innovation/94202.html
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. NSEE - CROUPES ET CATEGORIES SOCIO-PROFESSIONNELLES

/

{ 0. AGRICULTEURS 5., EMPLOYES

{ 00 - agriculteurs 51 - employés de bureau
v Ol - propriétaires exploitants (secteur privé)

i 02 - fermiers 52 - emnloyés de bureau
{ 03 - métayers | (secteur public)

: g _ 53 - employés de commerce
, 1. SALARIES AGRICOLES
f, 6. OUVRIERS

10 - salariés asricoles i
\ § ! 60 - contvemattre (sect,privé)
. .2+ PATRONS DE L IVDUSTRIF ET DU 61 - ouvriers qualifiés (sect.
"l COMMERCE, privé) '
: 62 - ouvriers qualifiés et cone
tremaitres (sect,public)

)
L 20

i 21 ~ Industriels 63 ~« ouvriers epéclalises
& 22. - artisans (secteur privé)

23 - patrons nécheurs 6% - ouvriers spécialisés
o 25 - commergants (secteur publice)
; 26 - gros commercants 65 - mlncurs
f 27 - oetxts commercants 66 - marins et pécheﬂrs

67 - apprentis ouvriers
3. PROF, LIBERALE° ET CADRES 68 - manoeuvre
SUPE 5

Insee - French National Statistics Institute - ¢c. 1976





http://www.lemonde.fr/m-actu/article/2017/03/10/en-inde-des-morts-bien-vivants-se-battent-pour-ressusciter_5092633_4497186.html
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The Table of CASU ALT1ES.
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http://www.edstephan.org/Graunt/graunt.html

Table 2. OLS regression results, controlling for sex, education, and California zip code.

Dependent variable

Concern for radicalism in
the US

Concern for radicalism in
the world

Thermometer feelings toward
Muslims (negative to positive)

Model | Model 2 Model 3 Model 4 Model 5 Model 6
Attacks (0 = before Paris; 7.741 7587k 4.933" 5,007k -2.064 —-2.328
| = between attacks; 2 = (-1.500) (—1.505) -1.309 (=1.311) (-1.220) (=1.214)
after San Bernardino)
Positive past encounters 2.781 2.672 5.400" 5.281™ 28.036™ 28.156%F*
with Muslims (>50 on a (-1.930) (~1.937) -1.7 (~1.700) (~1.580) (1.574)
0—-100 scale)
Attacks * Positive past -4.220" -4.166" —3.135" -3.189" 3.109" 3.149"
encounters (~1.750) (~1.747) (-1.523) (~1.525) (~1.430) (1.423)
Female 3.91033" 4.368%F* 4.4 |H*
(-1.232) (-1.079) (-1.015)
Education 0.395 0.526 —-0.704
(—0.486) (—0.426) (-0.402)
California -2.403 0.027 3.567°
—-1.634 -1.44 -1.344
Constant 61.604™ 58.23 )%k 66.907 64.779+* 38.418™ 383595
(~1.640) (=2.660) (1.553) (=2.330) (~1.330) (=2.175)
R? 0.02 0.027 0014 0.022 0.28 0.2918
N 2059 2052 2063 2056 1922 1909

Note: * p < 0.05; ** p < 0.01; ** p < 0.001; N = number.


https://doi.org/10.1177%2F2053168018806391

isualization

Plots a.k.a graphs
Time series
Networks a.k.a graphs

Maps



Figure 2.1: Inequity in infant mortality rates between countries and
within countries by mother’s education.
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http://www.who.int/social_determinants/thecommission/en/index.html

. . B Figure 2 The relationship between total life disparity (red),
Life exPeCtancy and d|3pa"ty early-life disparity up to the threshold age (blue) and late-life
disparity after the threshold age (green). The darkest hues
relate to data from 1950—2009, middle hues 1900—1949 and

lightest hues 1840—1899. Total disparity is an additive function
of early-life disparity and late-life disparity. Since 1840 the
&4 gz decrease in total life disparity has resulted from reductions in
R 1 early-life disparity. The correlation coefficient between early-
"_:Te_f_; e life disparity and total life disparity is 0.997 (95% CI 0.997 to
S . T 0.997). Late-life disparity has remained remarkably constant at
—_ about 5 years across a wide range of life expectancies. Hence,
2 according to this measure, there has been neither a marked
g - compression nor expansion of mortality at advanced ages as
® < life expectancy has increased. Data are for females from the
-4 40 countries and regions of the Human Mortality Database
a (see online supplementary table 1).
L 24
England and Wales 1841-2003
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30 40 50 60 70 80 '§ 0.18 { 1870 .;}
life expectancy (years) g -.'.!
4 £ 0.16 A R
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0.10 - \\«. /
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http://andrewgelman.com/2012/10/25/health-disparities-are-associated-with-low-life-expectancy/
http://andrewgelman.com/2012/10/25/health-disparities-are-associated-with-low-life-expectancy/
https://bmjopen.bmj.com/content/1/1/e000128
https://bmjopen.bmj.com/content/1/1/e000128

Child survival (%)

99.7 -
99.5
99 There are bigger differences WITHIN
India and Bangladesh than BETWEEN.
97? Bangladesh ' ﬁ :
95: 2 20% richest
% 7
20% poorest
| India
70 -
$500 $5000 $50 000

Source GDP per capita (5)


http://www.gapminder.org/downloads/human-development-trends-2005/

Global inequality has declined: Growth incidence curve, 1988-2008
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https://piie.com/blogs/realtime-economic-issues-watch/deconstructing-branko-milanovics-elephant-chart-does-it-show

INCOME INEQUALITY IN THE UNITED STATES, 1913-1998 11
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FIGURE I
The Top Decile Income Share, 1917-1998
Source: Table 11, column P90-100.


https://academic.oup.com/qje/article-abstract/118/1/1/1917000
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Mortality and morbidity in the 21st century

Anne Case, Princeton University
Angus Deaton, Princeton University

Figure 1.2 All-cause mortality, black and white non-Hispanics with a high school degree or less education
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The Visual Rhetoric of
Data Part 1: Race, Class
and Changes in Mortality
Rates
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http://culturedigitally.org/2017/06/the-visual-rhetoric-of-data-part-1-race-class-and-changes-in-mortality-rates/
http://culturedigitally.org/2017/06/the-visual-rhetoric-of-data-part-1-race-class-and-changes-in-mortality-rates/
https://www.brookings.edu/bpea-articles/mortality-and-morbidity-in-the-21st-century/

Figure 1: Violence trends through 2015: Ministry of Health and Police Data
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http://www.caracaschronicles.com/2016/07/01/our-dead/
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Figure 2: Violence trends through 2015: Three sources
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http://www.caracaschronicles.com/2016/07/01/our-dead/

Détroit de Béring
A vers l'océan Pacifique

Cote est
de lAmérique
du Nord

X Europe
S

.
- -

Afrique

7’

" OCEAN
PACIFIQUE

S

Cote est
de IAmérique
du Sud

<
Détroit
de Béring
vers l'ocean
Arctique

Cote ouest
de I'Amérique OCEAN
du Sud PACIFIQUE

Cote ouest
de I'Amérique du Nord

Source : Athelstan Spilhaus, Atlas of the
World with Geophysical Boundaries, 1991
Cartographie : Clara Dealberto


https://bigthink.com/surprising-science/the-spilhaus-projection-ocean-maps

8. MOSCOW - $750 1. TOKYO - $1,624

(United Arab Emirates - $641) (South Korea - $1,754)
2. NEW YORK - $1,492 5. LONDON - $831 10. BEUING - $664
(Canada - $1,584) (Netherlands - $840) (Sweden - $469)

4. SEOUL - $903
(Malaysia - $817)

3. LOS ANGELES - $928 6. PARIS - $819 7. SHANGHAI - $810
(Australia - $1,101) (South Africa - $726) (Philippines - $744)

9. OSAKA - $681
(Switzerland - $518)

TOP 10 METROS BY GDP
WITH COMPARABLE NATIONS
(PPP-ADJUSTED $BILLIONS)

Martin
Prosperity
664 1,000 1,624 Institute


http://bigthink.com/strange-maps/test-11

7m $45rn 700
residents  investmen

Audi Magazine _ Vorsprung

Investment  ovailable

3m $380bn 100
residents investment  km*

~y
FOREST CITY

MALAYSIA

00,000 $100bn 14
residents  iavestment

Work to build four artificial

Egypt is planning a new hub
to accommodate all of its
administrative functions and
ease the pressure on Cairo. the
world’s fastest-growing city.

Once a sleepy fishing vlllage,
Dumg could rival Dubai in the

~ near future, when it comes to

1 Nurlnent will be the largest

transportation and logistics

Established in 2017, Xiong'an,
south of Beijing, will house
companies and institutions
needing more space than they
currently have in the capital.

islands to support exclusive
Forest City near Singapore
started in February.

DESERT RANCH
FLORIDA usa

The Mormon Church plans to
build a morally righteous city
that, in surface area, will be
more than nine times the size
of San Francisco.

20,000 Slbn

not ZO0,000 $14.5bn 20 300,000 not 30 2m not 110
investment  available idents  investient km?

residents  ovailoble  km? residents  available

an you identify any of the cities marked on the

map? No? Well, don’t worry, because some of

these places are projects that haven’t even broken
ground yet. But, by 2050, they could become some of the
most important cities on the planet.

We are living in an age of unprecedented city-building. As
you read this, more than 200 new cities are at various stages
of development around the globe. These economic hubs
are expected to cater for large populations - in some cases,
numbering millions. Some will even become new capitals.

‘Building cities is nothing new, but the current intensity

and global spread we are wi is says

Yachay, or ‘city of knowledge’
in Quechua, the local language,
is a tech hub in the Amazon
region. It's expected to drive

Konza Techno City will be built
64km south of the capital,
Nairobi, and is being marketed
as a key driver of Kenya's

Dabaab is the largest camp
for displaced persons in the
world. With no plans made
to rehouse its inhabitants

Navi Mubaiis India’s fastest-
growing city. It already houses
rmore than a million people and
is creating many jobs to attract

the country’s future economy.

Wade Shepard, co-author of the upcoming Atlas of New
Cities. ‘What's fascinating is that, in terms of development,
countries all over the world are doing the same thing at the
same time, often with the same companies involved. It's
starting to look like an all-out movement - a new industry.”
Some of the most prolific and concentrated development
is happening in China. Since it opened itself up to capitalism
in the early 1980s, there has been a massive rural exodus,
prompting heavy urban development. In the past decade,
this has intensified and, today, a quarter of the 100 largest
cltles in the world can be found in China. And it's Chinese

that's funding many of the projects in other

national

it could grow. still more to settle there.

regions too, including Africa, and the new Belt and Road
Initiative - the trade route that stretches from Asia to Europe.
According to Shepard, there are five reasons for the
of these ities. Some are being created

by economic drivers and others are transportation projects.
There are those created around financial districts and others

that are politically or i Finally, there

are socially driven cities - places on the periphery of other
that create i urban clusters.

In many cases, the of a new polis will

incorporate a number of these identities. New cities in the
Middle East, for example, are often created to fulfil multiple

as it Pp: that the region’s current
reliance on an oil-based economy cannot last.
‘Withsuchahigh level there’sanimportant

question to be asked about sustainability,’ says Shepard. ‘Will
these megacities be successful and buoy up local economies?
Or will they drag down global development? In some places,
we’re witnessing large developments failing to attract
inhabitants and lying dormant, while those elsewhere have
prospered and continue to grow.”

It will be decades before we know the answer to that
question. In the meantime, it's a case of ‘wait and see’ - and
of being ready to draw up a new atlas. GIID JOHN SILCOX


https://twitter.com/jcsilcox/status/1052550631758684160



https://www.nytimes.com/interactive/2018/11/07/us/politics/how-democrats-took-the-house.html

@7\ NOICT TN\ Il of the U.S. 2016 presidential election

by Mark Newman

see also


http://www-personal.umich.edu/~mejn/election/2016/
http://www-personal.umich.edu/~mejn/election/2016/
https://worldmapper.org/maps/urban-population-relative-2014/?_sft_product_cat=habitation
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http://culturedigitally.org/2017/06/the-visual-rhetoric-of-data-part-2-political-maps-and-infographics/
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Abstract -
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The United States Equal Employment Opportunity Commission has
proposed rules allowing employers to penalize employees up to 30% of
health insurance costs if they fail to meet ‘health’ criteria, such as reaching
a specified body mass index (BMI). Our objective was to examine
cardiometabolic health misclassifications given standard BMI categories.


http://www.nature.com/ijo/journal/v40/n5/abs/ijo201617a.html
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When Maps Shouldn’t Be Maps
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They are scattered threugh all 50 states,
the District of Columbia and Puerte Rico —
623 in Utah, 1,114 in Kansas, 101 way out in
Alaska. They are clustered by the thou-
sands in large Southern cities like Dallas,
Atlanta and Memphis, and huddied in
handfuls in unlikely hamlets like Shell
Knob, Mo. (pop. 1,338)and Fountain Run,
Ky. (pop. 236).

Evacuees fled Hurricane Katrina and
the flcods that followed in caravans of cars
and fleets of buses, on helicopters and
chartered planes, by boat and, a few, on
foot. A month after the storm, a map

. MONTANA

emerges of where they landed, based on
Z1P codes from which applications for aid
were submitted to the Federal Emergency
Management Agency as of Sept. 23.

Of 1,356,704 applications, 85 percent
came from Louisiana, Mississippi, Texas
and Alabama. But 35,539 families were
more than 1,000 miles from the Gulf —
among the farthest: cne in Nome, Alaska,
3,931 miles from the French Quarter and
another in Lihue, Hawaii, 4,279 miles away.

Residents of New Orleans, a city that
was two-thirds black, seem to have flocked
to the natlon's African-American population

Katrina’s Diaspora

The victims of Hurricane Katrina have filed for assistance from
FEMA from every state, The map shows the distribution
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https://archive.nytimes.com/www.nytimes.com/imagepages/2005/10/02/national/nationalspecial/20051002diaspora_graphic.html?module=inline

City States

Europe’s Past and Future?

PROTECTION
GROUP
INTERNATIONAL

Size of urban
population:

o=

Urban Growth Rates:

Data Source: Eurostat - Population of
Larger Urban Zones (LUZ) 2012

Map by John Donald  www.pgitl.com
john.donald@pgitl.com
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https://www.citylab.com/equity/2015/06/incredibly-detailed-map-europes-population-shifts/396497/
https://www.citylab.com/equity/2015/06/incredibly-detailed-map-europes-population-shifts/396497/

The Ethnic Makeup of London

Dot Density Map by Culture of Insight
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Figure 1: Historical expansion of the city and territorial control
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Figure 3: Territorial control and neighbourhood destruction, 2016
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https://www.ucl.ac.uk/ineqcities/atlas/cities/paris
https://www.ucl.ac.uk/ineqcities/atlas/cities/paris

Figure 7. Distribution of UHIs by smallest municipality in Japan, 2008
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http://www.who.int/kobe_centre/measuring/innovations/urban_health_index/en/
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Check the reproducible examples

arpentier, Galichon &

Vernet (2017) A Toolbox for the Modeling of Competition in Geographic Networks

Géolocalisation de “producteurs-consommateurs”, cf Ch

ab)
=
=70)]
fa]
-
QO
o A
= o
T O
r o
o =
v g
N
v O
2 B
S &
+~
= o
e o

<<<<<

-"!‘i ~1
A2
%

-

81

-

)
%

i)
vé},

£

I

e
o
S
<


https://cartosta.sciencesconf.org/data/pages/Cartostats_ArthurCharpentier.pdf
https://cartosta.sciencesconf.org/data/pages/Cartostats_ArthurCharpentier.pdf

Charpentier et al. — La ville en économie

Consider the following illustration. The buyers of a com-
modity will be supposed uniformly distributed along a line of

a ﬁ‘ X ) y g.b.
Fia. 1.
Market of length I = 35. In thisexamplea = 4,b =1,z = 14,y = 16.

length /, which may be Main Street in a town or a transcontinental
railroad. At distances @ and b respectively from the two ends of
this line are the places of business of A and B (Fig. 1).
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Charpentier et al. — La ville en économie
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Saudi Arabia’s network of advocacy

Washington Post analysis of FARA filings. Blue circles are scaled to amount spent/contract
from 2016-2018; gray circles indicate registered relationships of unknown amount.
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https://watabou.itch.io/medieval-fantasy-city-generator
https://watabou.itch.io/medieval-fantasy-city-generator
https://understandingsociety.blogspot.fr/2017/07/dynamics-of-medieval-cities.html




Visualization m

Theory and vocabulary

GIS software: ArcGIS, QGIS
Web solution: Magrit

Free software packages


https://www.arcgis.com/
https://www.qgis.org/
http://magrit.cnrs.fr/

000006

Arc Diagram Area Graph Bar Chart Box & Whisker Plot Brainstorm Bubble Chart

S

Bubble Map Bullet Graph Calendar Candlestick Chart Chord Diagram

0

Circle Packing Connection Map Density Plot Donut Chart Dot Map Dot Matrix Chart



https://datavizcatalogue.com/

Visual Vocabulary
Designing with data

There are so many ways to visualise data — how do we know which one to pick? Click on the coloured
categories below to decide which data relationship is most important in your story, then look at the
different types of chart within the category to form some initial ideas about what might work best. This
list is not meant to be exhaustive, nor a wizard, but is a useful starting point for making informative
and meaningful data visualisations

Inspired by the Graphic Continuum by Jon Schwabish and Severino Ribecca

Deviation  CorrelationChange v Time Ranking  Distribution Part to whole Magnitude  Spatial Flow

_—_

Correlation

Show the relationship between two or more variables. Be mindful that, unless you tell them
otherwise, many readers will assume the relationships you show them to be causal (i.e. one causes
the other)

Examples of use

Inflation & unemployment, income & life expectancy

Chart types

scatterplot line-column scatterplot- Bubble XY-heatmap
connected



https://ft-interactive.github.io/visual-vocabulary/

Data Visualization for Social Science
A practical introduction with R and ggplot2

Kieran Healy
Duke University
kihealy@soc.duke.edu

Preface

You should look at your data. Graphs and charts let you explore and learn about the
structure of the information you collect. Good data visualizations also make it easier
to communicate your ideas and findings to other people. Beyond that, producing
effective plots from your own data is the best way to develop a good eye for reading
and understanding graphs—good and bad—made by others, whether presented in
research articles, business slide decks, public policy advocacy, or media reports.
This book teaches you how.

My main goal is to introduce you to both the ideas and the methods of data
visualization in a sensible, comprehensible, reproducible way. Some classic works
on visualizing data, such as Tufte (1983), present numerous examples together with
some general taste-based rules of thumb for constructing and assessing plots. In
what has now become a large and thriving field of research, more recent books
provide excellent discussions of the cognitive underpinnings of successful and
unsuccessful graphics, often providing many compelling and illuminating examples
(Ware 2008). Other works provide good advice about how to graph data under

Data Visualization
fur Spcial Science

Kieran Healy

About the Cover Image: Large detail from ‘Income and
expenditure of 150 Negro families in Atlanta, Ga.,
U.S.A’, by W.E.B. Du Bois. Chart prepared by Du Bois
for the Negro Exhibit of the American Section at the
Paris Exposition Universelle in 1900 to show the
economic and social progress of African Americans
since emancipation. Bar graph shows amount spent
on rent, food, clothes, taxes, and other expenses by
families in various income brackets. LOT 11931, no.
31, http://hdl.loc.gov/loc.pnp/ppmsca.33893.

About the Author: Kieran Healy is Associate Professor
of Sociology at Duke University. His website is
http://kieranhealy.org.


http://socviz.co/

Expensive, closed GIS - ArcGIS
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https://www.esriuk.com/en-gb/maps-we-love/gallery/open-opportunity
http://www.arcgis.com/

Free, open-source GIS - QGIS
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https://www.qgis.org/
https://groupefmr.hypotheses.org/4742

Free online solution - G R I T |

Etablissements cinématographiques a Paris

Accessibilité potentielle a un fauteuil de cinéma dans un voisinage d'un kilométre

Fauteuils accessibles dans un voisinage d'un kilométre Fauteuils par salle

[ e
‘ 450 Données : Mairie de Paris (via data.gouv.fr)

0 340 1,000 1,830 2,810 3,880 5,210 6,770 8,460 10,530 13,100 M.V. - 2017 - Réalisée avec Magrit (magrit.cnrs.fr)



https://magrit.hypotheses.org/galerie
https://magrit.hypotheses.org/galerie
http://magrit.cnrs.fr/
https://magrit.hypotheses.org/galerie

Free software for maps

GIS application [elell - see also PG EIRiGCERCINEI I VEIE

Online tool - easiest recommended option

JavaScript WG library - also \YERaialely and m

OpenStreetMap website, [N I} routing engine

Python Matplotlib Basema ,,
R + RStudio cartograph E - will import m m
Stata m , - less capable


https://qgis.org/
https://gisgeography.com/free-gis-software/
http://magrit.cnrs.fr/
http://leafletjs.com/
https://python-visualization.github.io/folium/
https://rstudio.github.io/leaflet/
https://www.openstreetmap.org/
http://project-osrm.org/
https://matplotlib.org/basemap/
http://geopandas.org/
https://geopy.readthedocs.io/
https://cran.r-project.org/package=cartography
https://cran.r-project.org/package=sf
https://cran.r-project.org/package=rgdal
https://cran.r-project.org/package=rgeos
https://www.stata.com/support/faqs/graphics/spmap-and-maps/
https://michaelstepner.com/maptile/
https://www.stata.com/support/faqs/graphics/tmap-and-maps/
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https://en.wikipedia.org/wiki/Dot_distribution_map#John_Snow's_cholera_map



http://www.francoiskeck.fr/rleafmap/




Additional referencesjlyliSal1Ily

Spatial resources for R users
CRAN Task View: Analysis of Spatial Data
r-spatial - blog, R packages, events

From my own bookmarks (mostly in English)
R - packages, tutorials, etc.
Visualization: Maps - mostly nice examples

Statistics: Spatial - mostly R packages


https://cran.r-project.org/view=Spatial
https://www.r-spatial.org/
https://pinboard.in/u:phnk/t:r/
https://pinboard.in/u:phnk/t:viz:maps/
https://pinboard.in/u:phnk/t:stats:spatial/

el il IR =S iNn French

French National Statistics Institute - 2018
Guide de semiologie graphique
Guide de semiologie cartographique
Manuel d’analyse spatiale - using R

More free, high-quality stuff
Carnet (néo)cartographique
R et espace - free book, last updated 2014

VisionsCarto - also in English and Spanish


https://www.insee.fr/fr/statistiques/3640213
https://www.insee.fr/fr/statistiques/3640429
https://www.insee.fr/fr/information/3635442
https://neocarto.hypotheses.org/
https://framabook.org/r-et-espace/
https://visionscarto.net/

Links to the

This course
Web page - Sciences Po Urban School website
Basecamp group - ask Joél or Sam for access
GitHub repository - includes stuff for this session

This session
Slides frama.link/odur-2018-s4

Author francois.briatte@sciencespo.fr


http://formation.sciences-po.fr/enseignement/2017/oglm/2130
https://3.basecamp.com/3346908/projects/8488351
https://github.com/datactivist/sciencespo_odur2018/
https://frama.link/odur-2018-s4
mailto:francois.briatte@sciencespo.fr

